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Abstract
thad 1

comprehensive features, an adaptive image segmentation is p

To obtain more efficient performance, taking color, texture and position feature in the images as their
posed based on t mixture mode! and Greedy EM. The

parameters of t mixture are estimated by Greedy EM algorithm . Image is segmented according to Bayes minimization error

principle. T mixture model is robust and Greedy EM algorithm is less sensitive to initial parameters therefore it may be

converged to the global optimum. Compared to other methods on image seg ion, the d method can h

Lk ¢ 1

improved efficienty and better experimental results.
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Fig.3 The different segmentation results of flowers
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Fig.4 The different segmentation results of horses
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